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Abstract: The drone self-organizing network has an extremely wide range of applications in the fields of commerce, scientific
research, military, etc. In order to ensure the reliability of network communication services, there are clear requirements for
routing protocols. The use of artificial intelligence to optimize the routing of drone self-organizing networks is a hot topic in
recent years. For this reason, this paper focuses on the drone Ad Hoc network routing algorithm based on artificial intelligence,
analyzes, concludes and compares the routing protocols using heuristics and machine learning, describes its representative
algorithms, summaries the advantages of the algorithm, and finally discusses future technical challenges.
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