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Abstract: A service voice negative emotion recognition method based on the SpanBERT (Bidirectional Encoder Representations
from Transformers by representing and predicting Spans) model is proposed, which uses SpanBERT to achieve sentence vector
optimization for fine-grained text sentiment analysis. Based on conversation data between customer and cervicer, scenario based
customer service text analysis is implemented. By mining the value of negative complaint dialogue text and conducting quality
inspection based on identified customer emotions, semantic information, etc., potential dissatisfaction tendencies of customers
can be identified in advance, Continuously improving customer service experience has good promotion prospects. It has been
applied in China Mobile’ s satisfaction prediction, service operation analysis, and voice quality inspection work to complain
about voice quality inspection robots, replacing manual operations, and achieving cost reduction and efficiency improvement.
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